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Abstract: In order to solve the problem that traditional mobile edge computing network can’t be straightforwardly ap-
plied to the Internet of vehicles (IoV) due to high speed mobility and dynamic network topology, a vehicular edge mul-
ti-access computing network (VE-MACN) was introduced to realize collaborative computing offloading between road-
side units and smart vehicles. In this context, the collaborative computation offloading was formulated as a joint mul-
ti-access model selection and task assignment problem to realize the good balance between long-term system utility, di-
verse needs of IoV applications and energy consumption. Considering the complex joint optimization problem, a deep
reinforcement learning-based collaborative computing offloading scheme was designed to overcome the curse of dimen-
sionality for Q-learning algorithm. The simulation results demonstrate that the feasibility and effectiveness of proposed
offloading scheme.
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